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Task: Recover all human meshes given an image Iin a single shot
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Multi-HMR 2 leverages Anny:
e Human diversity (age, body types and proportions)

e [nterpretable body shape parameters

e Open source
e Compatible with SMPL, SOMA and others

e Pelvis-centric 3D error

e Camera-space metrics

e Close Interactions

e 2D reprojection

e [racking
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Prior works rely on video or mocap-based training to learn human

Overall Architecture tracking.
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DETR-based framework with a matching strategy during training
based on 2D root location only: Heterogeneous Training Data
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